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Skill extraction methods in academic research are frequently limited to English job offers, failing to capture the
complexity of global recruitment. This study directly addresses this limitation. We evaluate multiple skill extraction
methods across six languages, comparing resumes and job offers across diverse domains to build a more

N comprehensive, industry-relevant framework. y
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e Data: 1,200 total documents across 6 languages: English, s A 7 djccanig \\
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e HR Framework: Skills were mapped using HRM literature and ooy \>emeeers guidelines ) Q
in-house expertise, utilizing the KSAO framework (Knowledge, Data Collection Human Annotation Skill Extraction Evaluation
Skills, Abilities, and Other attributes; Campion et al., 2011).

e Split: 100 job offers and 100 resumes per language in
approximately 45 different professional domains.
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French, German, ltalian, Spanish, and Portuguese. -
b
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1200 documents

e Human-in-the-Loop: Resumes and job offers were manually
annotated by HR specialists using the Docanno tool.
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Figure 1. End-to-End Skill Extraction System

Multilingual Skill Extraction

Add & Norm
Feed
Forward
Add & Norm
A3% Nor = | |
Feed Attention
@ coliaborator o : N
Py partnership N AJdE Nom
" * Add & Norm Mased
- M
lulti-Head Multi-Head
e Ao
¢
m

o o
[P @ cooperaton

¢ =

&

Job Offers (EN) - Semantic (in-house)
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Table 1. Skill Extraction Methods Comparison
A mBERT wins on performance B Exact vs. partial scores
Key Ta keaways Mean overall partial F1 across 6 languages MBERT, per language — gap = boundary uncertainty
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o Occupations are easy, skills are hard Job Offers 0%  20% 0% 60% 80% 0%  20% 40% 60% G0%
o Candidate’s job titles are easy to find (with partial F1-scores up to 0.8). b Ofters - Resumes
© Flgurlng out exaCtIy where _a Skll! beglns and ends is still very hard C Occupations easy, skills hard D Resumes are harder than job ads
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e Resumes are much harder than job ads
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o Job ads are usually clean and organized.

o Resumes can be personal, and written in many different styles.

o Our system found roughly 50% of the skills in English job offers, but
that success rate dropped by half (to just 26.6%) on English resumes.
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Panels A & C: mean across EN/FR/IT/DE/ES/PT, whiskers = min—-max. Sources: Tables 4-5 (F1, in-house taxonomy) and Table 3 (human evaluation).

Figure 2. Skill Extraction Systems Results
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